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U D ﬁ\\ﬁ:ﬂ% (Tversky & Kahneman, 1982)
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« UV HSAFI 1, MBT, REICEREZE 5, SARAMN
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e KFME 2 — U XT 14 v 7 (representativeness heuristic)
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(availability heuristic)
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WBER (ZF8 - T ¥
- BEARSGM, BRERSM
* FIRE (Tversky & Kahneman,1973)
a. /NERDAR—T 5 ($20005E) OFIZTILFDEEE
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(@kodai_kusano
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(Goldstein & Gigerenzer, 2002; Honda, Matsuka, & Ueda, 2017,
Cognitive Science)
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0.86 0.60 0.88
0.66
31 B < 0.86 > | —_— |
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RDoZYMH
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o A0 108 AL E 108 ALl E {308

(Goldstein & Gigerenzer, 2002; Honda, Matsuka, & Ueda, 2017, Cognitive Science)
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AR D R UV D IR (Snook & Cullen, 2006)
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BT OEXICEWTkL 2 —URT 4 v IDER%E
BET A H % L
c AW/ HREITO-TWLWDEWVWHEIHE H S



BRI NEIEH 5

b a—U AT a4 w9
N — 2

A — 2 Ol

ANDHIT AR ZHE T 2DICEHERET UV IHE



1A ICEbhAEa—YRXT 4 vy

WRZEMAELBRTEIETH L.
c BVWHLYTE (EDCBHVWERCBEWHEZD)
B REMEE 2 — ) X7 1 v 7 (fluency heuristic)

« WD ALOE, SHLDINGZDH BT & THERD (Hertwig,
Herzog, Schooler, & Reimer, 2008; Schooler & Hertwig, 2005)

* WRANDHIZFARS

» A 2 —Y X T 4 v 7 (familiarity heuristic)

o #H D ANHEDHIT THEX) (Honda, Abe, Matsuka, &
Yamagishi, 2011)



Attribute substitution
(Kahneman & Frederick, 2002)
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« ¥IHTDHFRDE &@%% $ﬁf§@m%§ﬁ,
AN a%ﬁur<m%;7fﬁﬁu
HE'LT, DM OB ZESHD O L
NESRS)

EFLMEZEZ T gy |, ZZ1hAT RELE
UWenryzens| BLVER [® FAEF— b L=t ? ] BE
t*ﬁf'aﬁfatb tr: 0.66

ZZ1HhAT N EEFeiReEZT
2 AEF— b Lich? | BREEH Dlehilszdn?

(Strack, Martin, & Schwarz, 1988, Eur. J. Soc. Psychol.)
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/ Inference problem /

Y

Knowledge based inference

Subjectively No
difficult?

Attribute substitution
(heuristic based inference)

[ Make decision }

(Honda, Matsuka, & Ueda, 2017, Cognitive Science)
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(Honda, Matsuka, & Ueda, 2017, Cognitive Science)
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Familiarity-matching
(Shirasuna, Honda, Matsuka, & Ueda, 2020, Cognitive Science)

« FTL LWHIRE
« XRREWSEHA D AEHIZEELN? : ¥ or XA R
e XRREBNW=ZEDHDDT, BIEADHB XA X
c VAV EWHE A BHBEHIFELLN? ¥ or RA R
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familiarity- matching 7 ecological rationality’x 5 9§ %
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e 3E:2E01E (false memory; Loftus, 1994, The Myth of
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Memory-based false belief
(Honda, Matsuka, & Ueda, 2016, CogSci2016)
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