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Extraction of drug-drug interactions with attention CNNs
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Convolutional neural networks (CNNs), automated feature learning methods, are shown to have a great potential
in the drug-drug interactions (DDI) extraction task. The CNN with attention mechanism, which emphasizes
important words in the sentence of a entity pair, is also reported to be effective for the task of relation classification.
In this research, we apply the CNN with attention mechanism to the task of DDI extraction. We evaluated the
model on the Semeval-2013 DDI extraction challenge dataset. As a result, the model archived an F-score of 68.08%,
which outperformed the CNN-based method without attention mechanism by 1.05 percent points.
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