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Companies managing a job search site earn revenue from posting a want ad. Clients want to post a want ad on
job search sites that have many active users. Therefore, it is important for companies managing a job search site
to increase active user. However, many users never apply after registering. This paper proposes a method to find
out features of churn. In the previous research, we can’t comprehend indwelling features because they have two
problems. First, classification process is a black box. Second, they use only registration information and activity
log as features. Our method can comprehend indwelling features by using text mining to resume of specialized work
experience. As a result, users writing ‘sales’ and ‘development’ tend not to do leave. In this research, company can
comprehend the site’s strong points and weak points. Moreover, we can predict churn finely.
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