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Discussion of Serving Model Considered The End of Drinking at Robot Cafe
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Serving robot in cafe may take a cup when a customer finish drinking in a future. In order to understand the
serving timing in this case, the robot should consider the end of drinking by customers. The serving timing is
modeled by the score which is determined by the degree of drinking in this paper. When a customer is drinking,

the score is updated so that the score becomes high.
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fort=0toT —1do

q + t mod N
t

tmplg] < r
if ¢ = 0 and mean(¢tmp) > M then
S+ S+1
end if
end for
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Accuracy Precision Recall Specificity
A 98.0 81.4 85.0 98.8
B 96.3 64.2 60.4 98.1
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