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Analysis of relation between network structures and collapse
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The ability to spread information on social media is expected to be useful in emergencies like disasters. On the
other hand, it is difficult for some users to use social media in the event of a disaster, and the nodes may be missing.
We clarify the structure of the network that can robustly spread information against such node missing. In this
research, when analyzing this, we adopt a network dataset covering the network structure feature space. As a result
of the analysis, as a result of the analysis, it is difficult for the network to be divided into multiple components
when a node is missing, it is found that the network has a small mean path length and a poor distribution of the
degree distribution. We also clarified that a robust network for information spreading among networks that are
difficult to divide into multiple components has a small average path length and a small cluster coefficient.
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