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Making proper titles are difficult for novices in composing papers because titles should contain key points in
limited length. Text summarization can be used to generate titles; however, we need much more works to adapt
existing text summarization methods to title generation tasks. We applied text summarization methods based
on Recurrent Neural Networks (RNN) to title generation tasks, and we tried to develop an extractive and an
abstractive title generation based on RNN. The extractive method is based on key word extraction using RNN, and
the abstractive method is based on Attention-based Encoder-Decoder language model. Moreover, we introduced
Pointer Networks to treat unknown words in abstracts. The paper described the designs and experiments of the

methods.
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