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All companies need to conduct accounting work to understand the financial condition. Since the accounting
operation does not directly contribute to the business revenue, there is a motivation to let the accounting works

take as little time as possible.

Particularly in recent years, accounting data has been accumulated due to the

spread of cloud accounting services, and automation of accounting work by machine learning is becoming feasible.
There is a type of accounting work called reconciliation, a work of matching invoice data and payment data. In this
research, we try to improve the efficiency of reconciliation by predicting invoice data to be matched against each
payment data by machine learning. We confirm that the precision of the prediction by the proposed classifiers are
superior to the accuracy of a method without using machine learning, and we show the usefulness of accounting

work support by prediction using machine learning.
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