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Relationship between Parameters for compressing DNNs and their Accuracy and Size
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Deep Compression is one of the method for compressing DNNs. It requires parameters for compression, and relationship

between the parameters and accuracy and size of compressed DNNs is not clear. In this paper, we compress six DNNs by

simplified Deep Compression which we implemented. We investigate the relationship between parameters and accuracy and

size of compressed DNN, and we found some criteria of setting parameters. We proposed a method for determining the

parameter of weight sharing automatically.
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