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Multiobjective Optimization using MM-NEAT in Single-player Mahjong
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In mahjong, there are several objectives in a hand to win the game. These are (1) to win quickly ,(2) to get
higher points, (3) to avoid loseing points, and (4) to prevent other players for wining. These objectives are in
the relationship of trade-off. In this research, we make a evaluating function of mahjong as a multiobjective
optimization. On the other hand, mahjong reqwires multimodal behavior, because first place player have to
win quickly and to avoid loseing points, for last place player to get higher points in the final hand. Modular
multiobjective NEAT(MM-NEAT) is a framework to evolve modular neurall network. Each modules defines a
separete policy , and evolution discovers these policies and when to use them. In this paper, we focus on two
objectives, (1) to win quickly, and (2) to get higher points, in single-player mahjong, which is a part problem of

mahjong , and verify the efficiency of MM-NEAT.
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