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Point-of-Interest Recommendation using Location-based Service Usage

OO0 OO *1 %2
Keiichi Ochiai

oo oo+

Yusuke Fukazawa

0000 NTTOOO

NTT DOCOMO, INC.

OO0 o=
Yutaka Matsuo

oo ot

Wataru Yamada

20000
The University of Tokyo

With the widespread of smartphones which can easily obtain location using GPS, location-based service (LBS)
become popular. Point-of-Interest (POI) recommendation is one of such services. In the existing works, geographical
and temporal information is exploit to recommend POlIs for users. However, in particular LBS, content distribution
affects user’s place of visit. In this paper, we propose a method to exploit LSB usage for POI recommendation.
Our evaluation on twitter dataset shows that the proposed method outperforms the baseline method.
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