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Learning Distributional Representations of Phrases Using LSTM
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Distributional representations of words are effective to natural language processing tasks. We have to represent
not only word meaning but also phrase meaning to represent the meaning of broader regions of texts. To obtain
distributional representations of phrases, we employ a model that obtains the characteristics of phrases and learns
distributional representations of phrases using long short-term memory (LSTM). LSTM is a kind of neural network
that can treat sequential data. We trained our model on British National Corpus (BNC) and evaluated our model
on Grefenstette and Sadrzadeh’s data set (GS’11) using the Spearman rank correlation coefficient. As a result, our
model achieved the Spearman correlation of 0.523, which was competitive with the state-of-the-art method.
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