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Towards the cortical master algorithm for whole brain architecture
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The local circuit of the cerebral cortex that acquires various functions with a uniform mechanism is called a canonical
cortical circuit, which could be drew on as the foundation of general intelligence. While a whole brain architecture requires a
canonical cortical circuit to implement a master algorithm (MA), its required specifications have not been clarified. In this
paper, we present a MA framework, defining the interface including input/output semantics and its functions, while
integrating models in neuroscience. In addition, candidate artificial neural network models for the MA are evaluated with the

specifications.
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