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Diagnosis support from Chest X-ray pictures with Deep Network
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X-ray pictures of the chest are used to detect abnormalities or diseases (e.g. rib fracture, lung cancer, pneumonia
etc). It is beneficial if we managed to support clinical judgement by doctor automatically with machine learning
models. We propose a method to detect abnormal images from chest X-ray images for both unsupervised and
supervised settings. For unsupervised task we used variational autoencoder (VAE) and for supervised we used
convolutional network (CNN). We verified our method with a chest X-ray image dataset provided from The Uni-
versity of Tokyo Hospital. Our method successfully discriminated the abnormal images from the normals with high

accuracy.
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