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If a chat-oriented dialogue system can estimate user’s latent interest, it can communicate him/her more smoothly.
In this paper, we propose a method to estimate speaker’s latent topic of interest using dialogue data. The model
receives a dialogue and nouns that do not appear in the dialogue, and estimates speaker’s interest to the nouns
The model consists of multiple neural networks and they are updated by one loss function. Experimental result
indicated that the performance of the proposed model could estimate latent interest appropriately in comparison

with baseline models.
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