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Conversion prediction from users’ pageview series
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hit1 =0t ©® tanh(ct+1)
1=t O fr + 20 Oy

(1)

(2)

1t = o(Wize + Uihe + b;) (3)

oy = o(Wowme + Ushy + bo) (4)
fe=0c(Wsze +Ugsht + by) (5)

z¢ = tanh(W,x¢ + U.he + b2) (6)
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hatt = Z athe (7)
t

exp(score(w, ht))
>, exp(score(w, hr))

at = (8)
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Long Short-Term Memory RNN (LSTM)
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*iE SVM LSTM Attention
7 L1384 rn=29,771) 0.914 0.917 > 0.833
£7(n=16744) 0.946 0.942 > 0.818
#R1F(n=27322) 0.860 0.865 > 0.791

A EhEE(n=15237) 0.824 0.831 > 0.768
Z7via(n=563) 0.913 0.631 < 0.687
#E1Eti8(n=2360) 0.861 0.717 < 0.792
ZA—Y(n=2085) 0.867 0.741 > 0.699
#zR(n=822) 0.874 0.596 ~ 0.688

£ (n=858) 0.779 0.630 -~ 0.681
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