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Demographic Estimation from Users’ Page Views Based on Entity Linking
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As demands for branding products by web advertise increases, it is more important to estimate demographics
of user who want to appeal by advertisement. Existing approaches estimate age or gender mainly by using simple
page information, but those are not enough for estimating some demographics like occupation or annual income.
In this paper, we propose an approach using entity and those category in pages which user wandered to estimate

demographic of user and compare with existing approaches, and verify the effect using entity.
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BoD BoN | BoTKE | BoTDE
class auroc auroc auroc auroc
genderl_age20 0.8448 | 0.8402 | 0.8483 0.8473
genderl_age30 0.7432 0.7551 | 0.7591 0.7535
genderl_age40 0.7480 | 0.7673 | 0.7707 0.7684
genderl_age50 0.8290 0.8361 | 0.8383 0.8356
genderl_age60 0.8660 | 0.8750 0.8747 | 0.8790
gender2_age20 0.8152 | 0.8252 0.8109 0.8246
gender2_age30 0.7384 | 0.7391 0.7350 0.7350
gender2_age40 0.6625 | 0.6581 0.6535 0.6539
gender2_age50 0.7253 0.7191 0.7211 0.7118
gender2_age60 0.7816 | 0.8010 0.7957 0.7989
marriagel_child1 0.7174 | 0.7237 | 0.7244 | 0.7244
marriagel_child2 0.5808 0.5816 0.5863 | 0.6006
marriage2_child1 0.6018 0.6025 0.6037 | 0.6068
marriage2_child2 0.6796 | 0.6898 0.6869 0.6873
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