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Automated Machine Learning with Dataset Sampling
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Machine learning business applications are on the rise, however, the gap between data scientists supply and
demands is getting bigger. To tackle the serious problem, many researchers and organizations develop automated
machine learning tools that non-experts can use easily. Automated machine learning mainly aims to optimize
pipelines, e.g. preprocessing selection, algorithm selection and hyperparameter optimization. Most of academic
tools are based on bayesian optimization techniques but they sometimes fails to obtain fine prediction models
because of the high-dimensional search space. In this paper, we propose a pipeline optimization methods that
searches promising pipelines using sampling data to get predictive models in a short time. Experimental results
show that our method obtains better predictive models than auto-sklearn does for 67% datasets and the same

predictive models for remaining datasets.
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