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Face Recognition System
Based on Convolutional Neural Network Robust to Occlusion and Low Quality Images
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Face Recognition System has wide range applications such as crime prevention and retail store analysis. In these
days, with deep convolutional neural networks, we can obtain higher face-identification accuracy than human. Many
face recognition models are tested with LFW or CASTA benchmark dataset, but in these dataset, there’re insufficient
asian faces, low-quality images, and images with occlusion, which is, important to apply Face Recognition Systems
to practical use cases in asian countries. Then, we built a huge dataset which contain many asian faces. Also, our
proposed model achieved 99.3% face-identification accuracy with this dataset. Furthermore, we showed this model
is robust to occlusion and low quality images.
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x1 Labeled Faces in the Wild http://vis-
www.cs.umass.edu/1fw/
*2 CASIA WebFace Database

http://www.cbsr.ia.ac.cn/english/CASIA-WebFace-
Database.html
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