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Proposal of Hierarchical Derepression Model using Prefrontal Accumulator Model
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Abstract: According to past findings, prefrontal area is thought to have the function of derepression and arbi-
trating many brain regions, and reported that it is involved in the initiation of voluntary exercise. Some specific
cells acting as suppressor, and this kind of cells exist in prefrontal area. In our work, with reference to the findings
reported about the prefrontal area, propose a hierarchical arbitration method using accumulator model.
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