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Image classification based on human intuitions and graph clustering
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We investigate the classification of human-face images based on similarities that people feel. We conducted an
experiment so that the collected data constitutes a sort of random graph, which enables us to classify the human
faces using a graph clustering algorithm. The precise criterion of similarity fluctuates depending on individual and
each individual answers the similarities among a small fraction of the whole dataset. Nevertheless, as a consensus,
we show that a statistically significant global structure of similarity emerges.
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