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Knowledge tracing is now a very active EdTech research theme. There are various approches for knowledge
tracing, but all of them depend on predefined skill tags which human experts made. In this paper, we propose that
such skill tags are not optimized for knowledge tracing, and discuss the necessity of more knowledge-traceable skill
tags. As a result, we found that we can make more knowledge-traceable skill tags by skill-tagging in parallel with
the optimization of Deep Knowledge Tracing. This result suggets that we can make skill tags automatically and
more approptiately for knowledge tracing, which will improve the students’ learning efficiency by applying them to
the online tutoring systems and help us to reveal the mechanism of human’s knowledge acquisition.
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