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Motion Recognition of an Offensive Line Player in American Football
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Toward play recognition of American football, this paper proposes a motion recognition model of a single offensive
line player using a 3D convolutional neural network. The model successfully learned to recognize the motions of
OL players by simultaneously learning both a simple situation of only one offensive line (OL) player and a more
complicated situation of an OL player confronting a defensive line (DL) player. For the real setting, it is necessary
to recognize the motion of OL players wearing an arbitrary uniform. In our evaluation experiment, even though
the OL player wore a uniform not included in the learning data, the model achieved high recognition accuracy of
98.6% in the situation of only OL player, and 95.2% in the situation of an OL player confronting a DL player.
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