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Implementation of a SAT Solver guided by MaxSAT Oracle using GPGPU
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A Boolean satisfiability testing (SAT) problem is a problem of determining whether there is a variable assignment
that satisfies a given propositional formula. In recent years, General-Purpose computing on GPUs (GPGPU) is
attracting more attention as an accelerator for high speed computation. However, as far as we know, there are
no examples where GPGPU is used for SAT algorithm to improve performance greatly. In this paper, we propose
a Weighted Partial MaxSAT (WPMS) solver using GPU computation, named “MaxSAT oracle”, and show that
MaxSAT oracle can solves faster than the state-of-the-art WPMS solver for specific problems. Furthermore, we
propose a SAT solver guided by MaxSAT oracle, named “Batsat”, and evaluate its performance.
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