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Observe Market with Co-occurrence of Consumption-Related Word in Search Queries
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Recent studies have shown that you can predict or observe a market with people’s search logs on search engines. They

analyze the volume of search queries related to specific keywords. Search logs include variety of queries with different

intents, so you need to extract relevant queries from them and choose suitable prediction models for analysis. In this study,

assuming co-occurrence words in search queries imply the intents of those queries, we used different combinations of search

queries for prediction and compared the predictions’ accuracy. In addition, we applied 4 types of models with those

combinations of search queries and compared the predictions’ accuracies. In conclusion, we implied the possibility of

improvement of prediction accuracy by extracting logs and choosing models based on co-occurrence words.
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