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Automatic corpora generation applied to neural machine translation
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Recently, Neural Machine Translation (NMT) systems have been become widely used. NMT is a system whose model is
trained on large quantities of parallel corpora. We have been developing a unique method which automatically generates
large-size parallel corpora from a small number. It has been confirmed that generated corpora by the method is effective for
improving the performance of Statistical Machine Translation (SMT), though has not for NMT yet. In this work, we have
applied the method to NMT for the first time. NMT performance using the corpora generated by our system is improved
more than 5.9 points on BLEU compared to the original small amount of corpora, and it is equal to or better than those
manually generated by human. While this method will be able to greatly improve translation quality and reduce the cost for
corpora preparation, it is also suggested that excessive corpora expansion may lead to degradation of NMT performance.
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Fig. 1 Illustration of automatic corpora generation
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Fig. 2 Paraphrasing illustration
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Fig. 3 BLEU plots for (a)close evaluation set and (b)open
evalution set.
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Fig. 4 Subjective evaluation results for open evaluation set
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