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Online Learning of Spatial Concepts and an Environmental Map
by Integrating Nonparametric Bayesian Model and SLAM
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Robots operating in human-living environments are required to adaptively learn and use the spatial concepts
and lexicon related to places for human-robot speech interaction. We propose a nonparametric Bayesian generative
model SpCoSLAM integrating SpCoA and FastSLAM. In additon, we propose an online learning algorithm of
SpCoSLAM. In the experiments, we tested online learning of spatial concepts and environmental maps in a novel

environment of which the robot did not have a map.
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