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Learning and Acquisition of Artificial Language using Deep Learning
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In this paper, we propose the optimum acquisition method of the artificial language using deep learning. At first, we apply
the 1-of-k encoding process to the C language programs written by the students in our university in order to create the
training data. Then, the training data are classified in characters and strings based on the 1-D convolution. Further, we use the
RNN to obtain the sequence of the character in the strings and that of the string in the sentence. We clarified the effectiveness
of our training model using 1-D convolution by several experiments.
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