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Visualization Method of Content Interest Evolution Categories using User’s Activity Data
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In this study, we propose a method to visualize categories that show how users’ interests change by using log
data in which actions of users are recorded. We define actions those show user’s interest for certain contents as
interest-actions and extract time series of user’s interest-actions from log data. We divide them into soft clusters
and user interests in each cluster to levels and visualize how the interesting contents changes for users in each
cluster. As a result of the verification experiment, our proposed method visualizes the trend of interest trends of
consumers in more detail than the previous method. We also confirmed that the visualization by our method is
qualitatively effective by questionnaire evaluation to the stakeholders of content industries.
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