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The background of this paper is the issue of how to overview the knowledge of a given query keyword. Especially,
we focus on concerns of those who search for Web pages with a given query keyword. The Web search information
needs of a given query keyword is collected through search engine suggests. Given a query keyword, we collect up
to around 1,000 suggests, while many of them are redundant. We cluster redundant search engine suggests based
on a topic model. However, one limitation of the topic model based clustering of search engine suggests is that the
granularity of the topics, i.e., the clusters of search engine suggests, is too coarse. In order to overcome the problem
of the coarse-grained clusters of search engine suggests, this paper further applies the word embedding technique
to the Web pages used during the training of the topic model, in addition to the text data of the whole Japanese
version of Wikipedia. Then, we examine the word embedding based similarity between search engines suggests
and further classify search engine suggests within a single topic into finer-grained sub-topics based on their word

embedding based similarity.
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