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Modeling reward using multilayer multimodal LDA
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In order to perform better in the real world for robot, it is important to understand the real world correctly.
The real understanding of the real world is that you get more rewards when you take actions based on your own
understanding. Therefore, in this research we propose a framework to learn better concepts based on rewards. We
aim to realize this by reinforcement learning using a model incorporating rewards for multilayer multimodal LDA.
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