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Ocean data, which is a kind of spatial data, is difficult to detect errors because its characteristics are different

among ocean areas.

For now, the error detection is conducted with visual checks by ocean data technicians.

However, they are time-resource-consuming and difficult to deliver accurately and uniformly quality-controlled
ocean data because technicians = skills are not uniform. In this work, we propose a framework for an automated
error detection in the ocean data, that is applicable for unknown types of errors, considering the differences among
the ocean areas: spatial autocorrelation in latitude, longitude and depth. The framework comprises a training data
selection to care the spatial autocorrelation and an error detection. As a result, we found the effective combinations
of features, training data selecting methods and anomaly detection methods, regarding the ocean characteristics.
Moreover, our proposal training data selecting method worked efficiently, even when training data was little around

test data.
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