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Identification of multi-player cooperative play by
machine learning using group sports position information data
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With the development of measurement technology in recent years, tracking systems that measures position information of
all players and balls in a sports game can be used, but it is not fully utilized for more advanced and tactical plays. In this
research, we identified multiple cooperative play characteristics of group sports using support vector machine and deep
learning using convolutional neural network combining space and temporal information, and discuss an appropriate

identification method.
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