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Analyses of Centrality of Directed Diffusion Graphs
for Estimating Users” Competence in Online Discussion Bulletin Board
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Estimating the users’ competences in online discussion bulletin board is important research topics. Most existing
works of estimating the users’ competence are based on linguistic features. However, simple approaches based on
linguistic features could miss the important features based on relationships and divisions between users. We propose
new features based on linguistic characteristics and the relationship graph for classifying the users’ competences;

“expertise”, “

communication” and “organizing.” The proposed method can classify the high quality and low quality

users by SVM automatically. We analyze the influence of the proposed features based on linguistic and relationship
graph for estimating the users’ competence in online discussions.
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