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A Basic Study of Emotion Estimation Method of User using Facial Expression Recognition in HRI
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Human Robot Interaction has been an active research area in recent years. For better and effective human robot interaction,
it is important for robots to estimate human emotions in real time and make a proper reaction. This research proposes an
image recognition based method to estimate human emotions in real time. The method uses data of human facial expressions
and postures, focusing on the educational-support scenario. It is able to estimate students’ emotions such as happy, angry and
sad from students’ facial expressions, those emotions are expressed when students are learning. In addition, when learning,
students can be confused about difficult problems or concentrating on solving problems, the method is capable of estimating

those learning states by recognizing students’ postures.
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