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Humans acquire different languages and concepts for each culture from perceptual information and utterances
given by caregivers. In addition, the utterances that the caregivers use are changed from Infant-Directed Speech
(IDS) to Adult-Directed Speech (ADS) according to the growth of the infants, and humans learn both IDS and
ADS in such a change. We have proposed a probabilistic model that enables robots to acquire the concept and the
language by mutual learning of them. In this paper, we use IDS and ADS as teaching utterances to learn mutual
learning model, and verify the influence of teaching language on concept formation.
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