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Graph polishing technique using Mutual similarity relationship and evaluation
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The recent development of information technology has made bigdata analysis more familiar in research and

industrial areas.

We proposed graph polishing technique to clarify the unclear hidden dense structures in the

graph reducing the noise. In this paper, we apply the new similarity measure ”friend,” which was proposed by to
select useful association rules based on mutual-ranking measure between two items, to graph polishing technique
and propose the visualization methodology using Nested Graph. In computational experiments, we indicate some
features of the similarity measure and visualizing the graph using large scanning panel data.
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Algorithm 1 7'7 7fE7 L3 X 4
1: function PoLisH(G = (V, E), k)
2: V  JHRES, E : BBEES, kAR _EFRAE

3: VI=¢,E = ¢

4: for all u € V do

5: for all v € V do

6: if frined(u,v) < k then
7 E' = FE U{(u,v)}
8: V' =V'U{u,v}

9: end if

10: end for

11: end for

12: return G' = (V' E’)

13: end function
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3 t=1,Di=D,I;=I,R=6¢
4: do

5: Gt =SimilarGraph(D¢, minSup)
6: G}, =Polish(Gt, k)

7 R=RU{G}}

8: f: It = I14+1 =Components(GY})
9: D41 =Convert(f, D¢)

10: t=t+1

11: while D, 75 D: 4

12: return R

13: end function
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