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Stock Price Prediction Using Similarity of Stock Price Fluctuation Patterns
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Various methods to predict stock prices have been studied. A typical one is based on the time series analysis.
The others are based on machine learning techniques using cross-sectional data as feature values. In the field of
finance, “Value”, “Momentum”, etc. have been used as the feature for prediction. In this research, we use the
pattern of stock price change as the feature. We employ a dynamic time warping (DTW) method to calculate the
similarity of daily based stock price change. Since the level of the stock price differs depending on the measured
period, we also developed a standardization method to compensate the difference of price levels. In this paper, we
also show the advantage of the proposed method, named as Indexation DTW (IDTW), over conventional 12-month

momentum strategy using Japanese stock market data.
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