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In recent years, ratings by users on various items such as hotels and movies are easily available on the Web.
In many cases, other than overall rating for each item by each user, more detailed information such as ratings
from different viewpoints and free text comments, as well as aggregated information such as the average of ratings
by different users, are also available. In this paper, we investigated the effectiveness of the existing collaborative
filtering methods for large-scale sparse multicriteria rating data. We formulated rating aggregation as a collaborative
filtering problem and also applied the collaborating filtering methods to this problem. Furthermore, we extended
the existing methods by calculating user similarity using indirect users and review comments and applied them to

collaborative filtering and rating aggregation.
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