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Extraction of Hierarchical Structures on Tag Sets using Distributed Representation
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In recent years, with the development of SNS, user generated contents posted on the Web are increasing rapidly.
While tags are attached to the posts to represent contents breifly, no detailed relationships among posts are provided
by tags in general. In this paper, we propose methods to obtain hierarchical structures among sets of tags using

distributed representation in order to discover the relationships among posts.

The experimental results using

Nicovideo datasets show the effectiveness of the proposed methods.
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