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A method to estimate the Original Form of Kaomoji Using Neural Network
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In this paper, we describe estimation method of Kaomoji’s original forms using neural networks. We constructed
a neural network using only Bigram feature and one using combined Bigram feature, Trigram feature, SkipBigram
feature. In addition, equilibrium data by restoration extraction is created and the other network evaluated. As an
result, using a neural network shows a better tendency than the original estimation method based on the cosine

similarity.
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