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A Transformed-domain Total Variation Regularization Approach
to Hyperspectral Image Restoration
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This report proposes a new regularization approach to hyperspectral image restoration. The key idea of our
approach is to evaluate the total variation of a hyperspectral image in a certain transformed domain. This enables to
exploit both the spatial smoothness and spectral correlation of hyperspectral images, leading to effective restoration.
We formulate the restoration problem as a convex optimization problem involving the proposed regularizer and
develop an efficient algorithm to solve the problem based on proximal splitting techniques. Experimental results
illustrate the advantage of the proposed regularizer over several state-of-the-art ones.
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