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A Study on Time-line Summarization Using the Latent and Surface Information of Documents
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The time-series documents such as periodicals, newspapers and so on catch up new information and take it to
the articles day by day. It will take much time for readers to grasp the contents of the documents because of quite a
few information in themselves. So, a method to summarize the documents from multiple news resources along the
timeline should be necessary. In this study, we propose a method to generate a summary of time-series documents
provided from multiple news resources by extracting essential sentences from the documents along the timeline,
focusing on new information sequentially added along the timeline.
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Algorithm 10000000000 AOLexRank+O0 0000

I: Input: DO n0 SO el aOl

2: §={}

3: n < past n days

4: € < thresholdl

5: «a < threshold2

6: fort=0to T do

7: if ¢=0Othen

8: St + Dy

9: else

10: Se=1[]

11: for d to | D¢| do

12: for k to n do

13: for sto |S;_j| do

14: if similarity(dO s) < « then
15: St «+d

16: end if

17: end for

18: end for

19: end for
20: ranking Sy with LexRank and topic (latent ) information
21: if length of St > € then
22: S, < top e sentences of Sy through MMR’
23: else
24: Sé «— S
25: end if

26: end if
27: S+« S

28: end for

29: return S

Algorithm2 0000000000 BOd-dfOOOOOOOO

1: Input: DO SO e0 a0 n,l
22 S={}

3: topw = { }

4: € < thresholdl
5: a < threshold2
6:
7

8

9

fort=0to 7T do

if ¢t=0Othen
St < Dt

: else
10: S; = { }
11: for d to | D¢| do
12: for sto |S¢—1| do
13: if similarity(d0 s) < « then
14: St +d
15: end if
16: end for
17: end for
18: topw < top n word by tf-idf St
19: for s to |St| do
20: if topy in s
21: scores += 8COT€etopw
22: end if
23: ranking Sy by score
24: S < top € sentences of Sy
25: S+ S
26: end for
27: return S
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0000 | 00000 [000 [00000
BP Oil Spill BBC 293 98
BP Oil Spill Foxnews 286 52
BP Oil Spill Guardian 288 307
BP Oil Spill Reuters 298 30
BP Oil Spill Washingtonpost 296 19
HINI Influenza BBC 122 40
HINT Influenza Guardian 76 34
HINT Influenza Reuters 207 23
| Finiancial Crisis | WP | 208 | 520 |
| Haiti Earthquake | BBC [ 296 | 86 ]
IragWar | Guardian | 344 [ 410 |
| Egyptian Protest | CNN [ 23 | 55 ]
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03:000500000000000000 (Haiti Earthquake)

~2010-01-16

Did you complete the donation via another method ? “ Emergency stocks were distributed pretty much straight away . Please note that if your
comments are published , your name and location may also be published . A special televised appeal for the DEC was shown on Friday night on
BBC One and ITV1 .

2010-01-17

“ Nearly every house was destroyed here . The Pan American Health Organization put the death toll at 50,000-100 ,000 , while Haitian Prime
Minister Jean-Max Bellerive said 100,000 “ would seem a minimum ” . We were tossed around incredibly violently , buildings were falling down
around us . The US Southern Command ’s Lt-Gen Ken Keen said that while streets were largely calm there had been an increase in violence .
2010-01-18

That ’s a good thing . No.40 , Jean Carlos . I’d also recommend you look into Lindblom ’s work , who explains rather lucidely the fact that business
has a disproportionate influence in public decisionmaking . More than that , however , this is money that is Haiti ’s own . Surely M. Kouchner ’s
past makes it all the more understandable that he should feel exasperated if he perceives the US are not letting aid through ? Do you think Africa ’s
response is adequate ? At the moment though there simply is n’t really anywhere to go . I suspect a dilemma here for the EU . “ I suspect a dilemma
here for the EU . : -RRB- *“ Petty remark , does n’t actually disprove my point . ”

2010-01-19

Thus , earthquakes , tsunamis . Ben Brown reports from Port-au-Prince . Haiti was fully within his control . And the leading US general in Haiti , Lt
Gen Ken Keen , said there was currently less violence in Port-au-Prince - already a troubled city - than there had been before the earthquake . “ We
are worried sick . The Italians are supporting two medical non-governmental organizations and 70 volunteers who are fast running out of medical

supplies .
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