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Deep neural generative model for fMRI Image analysis
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Traditional machine learning methods diagnosing a disease by fMRI brain images often have two steps: unsu-
pervised feature extraction and supervised classification. Hence they have a risk of obtaining individual variability
like brain shape as a feature instead of disease-related brain activity. Owing to the increasing number of open
data, deep learning-based end-to-end analysis, which performs feature extraction and classification simultaneously,
becomes promising. In this study, we propose a deep neural generative model of fMRI brain image and demonstrate
that it realizes more accurate diagnosis than traditional methods.
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Fig. 1:
encoder.

Architecture of Conditional Variational Auto-
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