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Efficiency Improvement of Data Labeling
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Image classification by machine learning has been widely used in various fields. However, when a person manually
labels a large amount of training data, there is a significant issue that labeling work puts much cognitive load. In
recent years, various studies have been conducted to reduce the cognitive load on labeling. The general labeling
method is that a user explicitly labels. In this study, we focused on implicit feedback referring to user behavior.
In this study, we propose a machine learning system to label training data effectively with implicit user feedback
(e.g. eye tracking information). We also explore the GUI design appropriate for this system by experiment.
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