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oooooo

Sayuri Hashimoto

0000000000000000

Ochanomizu University

ooooog 2
Ichiro Kobayashi

2000000000000000000

Ochanomizu University

Deep reinforcement learning, combining reinfrocement learning and deep learning, enables Q-learning in the
continuous state space. In this paper, we discuss a basic study on action control, e.g., robots’ behaviours, based on
deep reinforcement learning. In concrete, we use triple-inverted-pendulum as a target to be controlled, and discuss
the feasibility of applying deep reinforcement learning to its action control — we conducted two experiments: one
is to invert the triple-inverted-pendulum, and the other is to investigate the ability of action control by changing

the size of Experience Replay and mini-batch.
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