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Understanding of Linguistic Instructions Including Logic Words
and Generation of Robot Behavior by Seq2seq Learning
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Existing studies that attempted to solve symbol grounding problem on robots have dealt with words such as
verbs, objectives, adjectives and adverbs, which directly correspond to objects in the environments, robot motions,
or their certain features. The current study builds a seq2seq learning model that translates linguistic instructions
to robot behaviors, and in our experiment, not only such grounded words but also logic words, which are not

grounded in the world directly, such as “true”, “false

” o«

and”, and “or
synthesizing these words and visual inputs, the tramed model generates appropriate robot behaviors.

”? are learned together. By combinatorially

report the model’s internal representations of the relationships between instructions and robot behaviors.
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