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Toward Improving Zero-shot Learning with Semantic Word Vectors for Activity Recognition
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Mobile Activity recognition is important for healthcare and care-life of elderly people.

However, there is a

problem that the method can’t recognize activities which don’t appear in the training data. We propose the Zero-
shot learning with semantic word vectors to overcome the problem. In this paper, we evaluate the proposed method
by using 5 supervised learning method to improve the accuracy. As a result, the accuracy of the unseen classes
improved than naive methods, and identified several challenges.
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