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Feature selection is an important preprocessing for datamining and pattern recognition problem. This process selects meaningful
features, removes unnecessary features, and facilitates classification and extraction for data. However, as the number of feature increases,
the combination of features exponentially increases. Therefore, making it difficult to select a combination of good features. Evolutionary
computitional(EC) algorithms are well known for solving the combinatorial optimization problem, and high accuracy can be calculated.

In this work, we propose a new fitness function which is composed of accuracy with another penalty term which penalizes for large
number of features. The proposed new fitness function is used with EC algorithm for feature selection. Simulation experiments are done
using benchmark data set and the efficiency of the proposed fitness function for feature reduction is verified.
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1 https://archive.ics.uci.edu/ml/datasets.html
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