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We focus on the invisibility of psychological effects caused by communication and develop a platform to analyze

this. Specifically, content of dialogue and facial expressions are extracted from a moving picture, data is secured

by associating with persons, and the change in emotion is analyzed from them. The effectiveness of the platform

was demonstrated by analysis with real data.
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FEER (%) 87.0 78.9 78.9

HooEEOFY (RMS)  472.1 413.8 598.6
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HoOEEOSH (RMS)  307.1 523.6 296.0

HFEOERDTH (RMS)  112.1 210.9 199.6
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HEE (%) 75.6 70.4
A2 OERDOFY (RMS) 584.1 821.5
B OERDH (RMS) 137.8 192.2
Ho D5 CSLFH / s) 4.4 3.7
EHER (%) 55 41
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