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Formation of Hierarchical Spatial Concept based on Multi-modal Information
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In this research, we propose a method to estimate the hierarchical structure of spatial concepts and clarifies
the influence and effect of the proposed method. The hierarchical spatial concept is formed by hierarchical mul-
timodal LDA based on multi-modal information: the position, visual, language information. The position and
visual information are acquired by MCL and CNN, respectively. The language information is acquired as Bag of

Words.

communication at home environments.
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Experimental results demonstrate the effectiveness of the proposed method in the scene of human-robot
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Laptop for controlling
mobile base and
saving data

?

Sensor for depth image
Kinect for Xbox 360

Sensor for RGB image
LOGICOOL C920t

17
cm

Mobile base : Kobuki
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